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ExECuTivE SuMMARy

by Hyunjeong (Spring) Han and Rohit Verma

T
his report introduces a strategic decision-support tool for location planning in tradeshows and 
conventions. This decision support tool is based on a multi-year research project that examined 
tradeshow participants preferences, including a comparison of attributes sought by attendees 
and by exhibitors. The study, supported by the Cornell Center for Hospitality Research and 

ASAE Foundation, included a survey of over 2,500 tradeshow participants who indicated that the 
show’s location is one of the top criteria. In addition to its examination of tradeshow attributes, this 
report describes the research process, gives an outline of customer choice, and explains how the tool 
can be used in an effective location and planning decision process for tradeshows considering attendees’ 
and exhibitors’ preferences. 

A Location-Planning 
Decision-Support Tool 
for Tradeshows and 
Conventions
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CoRnEll HoSpiTAliTy Tool

In the age of the internet, trade shows remain a valuable channel for both direct selling and for 
promoting and sharing information about products and corporations. Part of the vast Meetings, 
Incentive, Conventions, and Exhibitions (MICE) industry segment, tradeshows constitute a 
major global economic activity. Successful execution of a tradeshow requires careful planning 

and coordination between a host of stakeholders, including attendees, exhibitors, meeting planners, 
and destination executives.

by Hyunjeong (Spring) Han and Rohit Verma

A Location-Planning  
Decision-Support Tool for 

Tradeshows and Conventions 
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Tradeshows are changing, though, as a result of trends 
in social media, mobile technology, environmental sustain-
ability, corporate social responsibility, association budget-
ary constraints, and emerging buyer-supplier engagement 
models, such as hosted-buyer programs, in which qualified 
buyers are offered travel and accommodation support to en-
courage their patronage. Given these changes, we conducted 
an extensive two-year study of association tradeshows as 
part of a collaboration between the ASAE Foundation and 
the Cornell Center for Hospitality Research. This report and 
the related interactive decision support tool (described on 
page 12) are based on insights obtained during this research.

In the course of this study, the research team conducted 
(1) an extensive review of published research; (2) qualitative 
research in the form of focus groups, personal interviews, 
and visits to trade-shows and convention centers; (3) a pilot 
study regarding the relative importance of different attri-
butes of tradeshows, which helped to refine a survey instru-
ment that contains both descriptive questions and a discrete 
choice experiment for modeling the reasons for tradeshow 
attendance; and (4) a final study that collected survey data 
from a diverse group of tradeshow attendees and exhibitors.

The pilot study involved 500 respondents, and the main 
study had more than 2,500 participants. Overall, the results 
show that while the core elements of tradeshow continue 
to play an important role for exhibitors and attendees, 
technology and emerging trends are becoming increas-
ingly important for both groups. That said, we note several 
significant differences in the relative preferences of exhibi-
tors and attendees as a whole and in sub-groups within 
each category based on age, frequency of tradeshow visits, 
career stage, and technology readiness.1 We describe discrete 

1 As explained in: HyunJeong “Spring” Han and Rohit Verma, “The Fu-
ture of Tradeshows: Evolving Trends, Preferences, and Priorities, Cornell 
Hospitality Report, Vol 14, No. 3 (2014), Cornell Center for Hospitality 
Research.

choice analysis and the research study itself in the sidebars 
at the end of this report. After we present the results of the 
study, we explain the decision support tool that is based on 
the study findings.

Results and Analysis
To conduct the study, the ASAE Foundation invited several 
of its partner associations to participate in the study by dis-
tributing the survey to their members who had visited trade-
shows as exhibitors or attendees. Respondents represented a 
total of 30 different professional associations in the United 
States from several different industry categories. The final 
list of the associations is not included in this report due to 
confidentiality reasons but that information can be obtained 
from the researchers if needed. The respondent pool for the 
full study sample includes 674 individuals classified as ex-
hibitors and 1,853 individuals classified as attendees, giving 
a final sample size of 2,527. Detailed descriptive results from 
the survey appear in the earlier report issued by the Cornell 
Center for Hospitality Research.2 

Discrete Choice Experiment Results
As explained in the sidebars, the results of a discrete choice 
experiment show the relative utility of each level of each 
attribute described within the experiment. We developed 
multinomial logit choice models to quantify relative utili-
ties for both exhibitors and attendees. For sake of ease in 
comparison, the utilities for each attribute are presented on 
a scale ranging from zero to one. The higher the score, the 
greater the relative preference for a particular attribute. The 
results are first presented as a comparison between exhibi-
tors and attendees, and then as segments within each group 
based on age, frequency of tradeshow visits, career level, and 
technology readiness scores. These segmented results are 
also embedded in the decision-support tool.

2 Ibid.
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Choice Modeling Results for Core Tradeshow 
Attributes: Location
The location, cost, duration, number of attendees, and 
number of exhibitors constitute the core components of a 
tradeshow, as shown in the exhibits and discussed below. 
Of the core tradeshow components, location is the attribute 
that displays the highest differences in utilities for both at-
tendees and exhibitors (see Exhibit 2). The highest utility is 
for a “large metro within United States” and lowest utility is 
for an “international location.” No other attribute displays 
such a wide difference in utilities, with a score of 1.0 for 
large metro and 0.0 for an international location. The util-
ity values do, however, indicate that a mid-size domestic 
city would also be acceptable, since there’s only a difference 
of about 0.1 between large and mid-size cities within the 
United States. These results suggest that for both exhibitors 
and attendees large and mid-size domestic cities will be 
preferred locations, drawing higher demand than the other 
two location options considered.

Tradeshow Cost
As could be expected, the relative utility for a tradeshow 
decreases as the relative costs increase (as shown in Exhibit 
3). To account for cost differences in different locations, we 
presented the cost attribute as a percentage of participants’ 
total typical spending when attending a tradeshow. This 
attribute includes all costs, including transportation and 
lodging. The relative measure of cost is appropriate for this 
analysis because this approach allows us to identify general 
patterns as the costs increase or decrease, even though re-
spondents from different professions and different associa-
tions exhibit different absolute cost structures. 

The slope of the utility curve is almost linear, although 
the absolute value of the slope is more strongly negative for 
attendees than for exhibitors. The relative utilities drop 0.75 
units for attendees compared to a drop of 0.65 when costs 
go from 10 percent lower than average to 10 percent higher. 
These results indicate that as a group attendees are more 
price sensitive than exhibitors. 

Tradeshow Length
Tradeshow participants in both groups generally agreed 
that a show needs to be long enough, but not too long 
(Exhibit 4). This is indicated by an interesting inverted 
U-shaped pattern. Both exhibitors and attendees exhibit 
higher utilities for two- or three-day tradeshows. Short 
(one day) and long tradeshows (more than 3 days) are sig-

Exhibit 2

Tradeshow location utility scores

Exhibit 3

Tradeshow cost utility scores

Exhibit 4

Tradeshow length utility scores



Cornell Hospitality Tools • January 2015 • www.chr.cornell.edu   9

nificantly less preferred than two- or three-day-long events, 
as shown by the a considerable drop in utilities (approxi-
mately 0.4 units) for durations other than two or three days. 
These results are consistent with other studies, which had 
indicated that attendees and exhibitors want to ensure that 
there is enough time for interaction but prefer to leave the 
event as soon as their business purpose is achieved.

Tradeshow Size
Exhibitors and attendees have different views on the ideal 
number of participants in a tradeshow (see Exhibit 5). Based 
on utility scores, exhibitors want as many attendees as possi-
ble, but attendees don’t see it that way, based on utility scores 
that plateau at about 2,000 attendees. Once a tradeshow 
reaches approximately 2,000 participants, the attendees do 
not perceive any additional utility in adding more attendees 
to the tradeshow. We see also that attendees exhibit higher 
sensitivities for the number of attendees than do exhibitors.

On the other hand, both groups like to see a relatively 
high number of exhibitors, at least up to a point (as shown in 
Exhibit 6). It is interesting to note that while both exhibitors 
and attendees generally prefer tradeshows a relatively high 
number of exhibitors, the trend hits a ceiling at about 400 
exhibitors. 

Choice Modeling Results for New Tradeshow 
Attributes
The tradeshow discrete choice experiment contained several 
attributes that had been identified in our earlier qualitative 
research and by analyzing other studies. These attributes can 
be broadly classified in three categories—technology, sched-
uling, and sustainability. 

Technology. The experiment included six attributes that 
can be characterized as tradeshow technology options (see 
Exhibit 7). These attributes include information-technology-
based applications (e.g., social media, smart phone apps), 
computer-based technology (touch-screen and multimedia 
displays, computer simulations), and other attributes such 
as use of RFID and QR codes. As compared with exhibi-
tors, attendees were relatively enthusiastic about videos or 
simulations, and they liked multi-media displays. Attend-
ees they also gave higher preferences to touch screens and 
smartphone apps. The exhibitors and attendees were more 
in agreement on the other two technologies, which they 
viewed more or less equally. Furthermore, the differences in 
technology attributes’ utilities are relatively small compared 
to the core tradeshow attributes that we explored above.

Exhibit 5

Tradeshow size utility scores (number of attendees)

Exhibit 6

Tradeshow size utility scores (number of exhibitors)

Exhibit 7

Tradeshow technology utility scores
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Sustainability. Attendees seemed to be more interested 
in sustainability than exhibitors, based on utility scores 
(Exhibit 8). The four environmental sustainability attributes 
that we included in this discrete choice experiment were 
identified by the focus groups as features that are increas-
ingly present in tradeshows. As shown, attendees rated all 
four sustainability options higher than the exhibitors, and 
those differences are significant for three attributes (namely, 
electric or hybrid transportation, recycling programs, and 
environmentally friendly promotional materials). 

Scheduling. The importance of time management was 
demonstrated in attendees’ ratings of four of the five attri-
butes that can potentially help in facilitating better sched-
uling (see Exhibit 9). These attributes are software-based 
approaches (e.g., mobile applications, web-based applica-
tions, meeting scheduling software), event-staff-assisted 
appointment scheduling, and the still growing hosted buyer 
programs. Attendees had higher preferences than exhibitors 
for all scheduling options except the hosted buyer program, 
with staff-assisted scheduling rated highest, followed by the 
three software based approaches. Hosted buyer programs 
help exhibitors by bringing in committed buyers.

Decision Support Simulation
Since the discrete choice experiment was based on manipu-
lation of several attributes of tradeshows, we have developed 
an interactive, Excel-based decision support simulation 
(DSS) application that you can use to weigh tradeshow 
features. This simulation allows you to change one or more 
variables for up to four potential tradeshow locations. The 
DSS calculates a desirability index and relative market shares 
for each tradeshow location under consideration, based 
on the discrete choice experiment results that we have just 
presented. At the end of this report, we provide an appendix 
that explains the details of the decision support simulation 
and its usefulness. Furthermore, an earlier report from the 
Cornell Center for Hospitality describes how desirability 
index and market share are calculated based on discrete 
choice results.3 

Discussion and Conclusions
As explained in this report, the purpose of this project was to 
explore the future of tradeshows by benchmarking current 
practices, by rigorously identifying relative importance of 
different criteria for tradeshow selection, and by quantifying 
the relative utilities for different attributes of a tradeshow. In 
this study we have attempted to address all the above issues 
for exhibitors and attendees and for several of their sub-
segments. 

3 Rohit Verma, “Unlocking the Secrets of Customer Choice,” Cornell 
Hospitality Report, Vol 7, No 2 (2007), Cornell Center for Hospitality 
Research.

Exhibit 8

Tradeshow sustainability utility scores

Exhibit 9

Tradeshow scheduling utility scores
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The scope of this study has been extensive, and based 
on a detailed literature review, we have compiled a wealth of 
qualitative data followed by quantitative analysis of surveys 
completed by a diverse group of exhibitors and attendees. It 
will take considerable time to go through different compo-
nents of the information that we collected. Here, we share 
some of the high level conclusions.

First, we notice that there is considerable synergy in 
the research findings and analysis. Within each stage of our 
study, it became clear that the basic objective of a tradeshow 
remains constant—to facilitate interaction between exhibi-
tors and attendees so that they can have a better business 
outcome. This conclusion was mentioned repeatedly in the 
papers we reviewed, during the focus groups and interviews, 
and also in the best–worst analysis and discrete-choice mod-
eling results described in other reports. The value of trade-
shows is also indicated by the finding that all the attributes 
that can be considered core components of a tradeshow 
exhibit higher utilities than other, more tangential attributes. 

Second, we notice clear and sometimes substantial 
differences between the reasons given by exhibitors and by 
attendees for attendance, as well as show cost preferences, 
the usage and preferences for technology, scheduling and 
sustainability options, the relative importance of criteria 
for tradeshow selection, and relative utilities of various 
tradeshow attributes. Collectively these results highlight 
the reality that exhibitors and attendees are fundamen-
tally different groups who are attending tradeshows with 
a different mind-set and objectives. At the same time both 
groups are essential for a successful tradeshow—and each 
group acknowledges the importance of the other. Therefore 
the organizers of a tradeshow must manage the needs and 
expectations of both groups.

Finally, we developed the Microsoft Excel-based DSS 
to allow you to conduct various types of “what-if ” scenarios 
for the many attributes that we studied. The DSS models 
will allow you to calculate the desirability index, which 
is expressed as a weighted score between zero and one 
hundred and measures the relative attractiveness of a 
tradeshow with a specified combination of attributes. So, 
for example, you might be considering a tradeshow in a 
mid-size U.S. metro market that will have 2,000 attendees, 
300 exhibitors, and a certain cost structure that includes 
specific types of technology, sustainability, and scheduling 
options. The DSS will give you a desirability score for such a 
tradeshow, and then you can calculate the desirability scores 
for tradeshows with different attributes and in different 
locations. The tool also estimates the market share of each 
proposed tradeshow. Given the substantially large number of 
potential combinations of attributes and their levels, a DSS 
approach is managerially more useful than a static one-at-a-
time attribute comparison. n

Research Approach
Based on concepts identified as potential important trends for 
tradeshows during the literature review and qualitative research, we 
developed a survey instrument intended to help us understand the 
preferences of tradeshow attendees and exhibitors. The survey was 
distributed to a pilot sample of approximately 500 tradeshow attendees 
and exhibitors. After the analysis of the pilot data, the survey instrument 
was revised for clarity of language and content but the overall structure 
of the survey was not changed. 

The final survey was launched to just over 2,500 exhibitors and 
attendees representing 26 different large associations in the United 
States. The survey was divided into five sections. The first section of the 
survey asked the respondents to provide information about their past 
visits to tradeshows primarily as an attendee or an exhibitor. The survey 
was context sensitive, so that based on the answer to this question, the 
wording on the rest of the survey was customized and the words 

“exhibitor” and “attendee” were substituted within statements 
throughout the survey.  

We asked the respondents to report the frequency of tradeshow 
attendance and the cost associated with that attendance. We also asked 
them why they attended specific types of tradeshow and what types of 
information they received from the organizers. Finally, we asked them 
specific questions related to technology, appointment scheduling, 
sustainability, hosted buyer programs, virtual expos, and related trends 
that were identified during the literature review and qualitative research 
phases. 

The next section of the survey included a discrete choice experiment for 
attendees and exhibitors. We provide an overview of discrete choice 
experiments in the sidebar that follows the tool instructions. 
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Using the Decision Support Tool
By inputting your own data and probabilities, you can use the decision support tool to compare up to four tradeshows or exhibitions, based on the 
study that we presented here. Start by indicating how many tradeshows you are considering, by putting a “1” in the “consider in analysis” boxes.

Using Simulation Models: Input Screen

Insert 1 to indicate if you wish to consider the tradeshow 
represented in this particular column in the analysisUsing Simulation Models: Input Screen

Insert 1, 2, 3, or 4 to indicate a specific type of location for each 
location. For example “1” means a large metro within USA.

To indicate the type of location, use the codes established in 
the study. As shown at left, the codes are: 1 for large U.S. 
metro area, 2 for a medium-size U.S. metro area, 3 for an 
international location, or 4 for an exotic resort area.

Using Simulation Models: Input Screen

Insert 1 for each of the above variables to indicate their presence.

Next, indicate the presence (or absence) of each 
of the attributes that we outlined in the study, 
again by typing 1 for each attribute that is 
offered by the tradeshow in question, or zero if it 
is absent.
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Using Simulation Models: Input Screen

Insert 1, 2, 3, 4 or 5 to indicate a specific value for each of the above variables.

Finally, for the values of each attribute, 
type 1 through 5 on the green line, as 
indicated in the yellow area at left 
(except for the two variables that are 
either present or absent). So, in this 
example, tradeshow #1 would include a 
hosted buyer program, but not a staff-
supported appointment system. It 
would expect 3,000 attendees and 200 
exhibitors, run for four days, and have 
average pricing.

Based on the information you input, the tool will calculate utilities for each experimental variable. You can then conduct two types of “what-if” 
simulations: Desirability Index and Relative Market Share, examples of which are shown in Exhibits 10 and 11 on the next page.

Desirability index: This index shows the relative attractiveness of a tradeshow which has specific characteristics. The desirability is presented in the 
format of a relative index between zero and 1.

A desirability index of zero represents the least desirable tradeshow that could have been presented to the respondents. 

A desirability index of 1.0 represents the most desirable tradeshow.

Everything else being equal, the higher the desirability index, the higher the attractiveness of the tradeshow for its audience. 

Relative Market Share: This calculation shows a relative comparison between different locations for tradeshows each with specific characteristics.

The relative market shares can be compared simultaneously for two, three, or four locations.

The relative market share calculations represent the approximate percentages of audience that would like to attend the tradeshow at a specific 
location if multiple options with specific characteristics were available (assuming everything else not specified to be equal).
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Using Simulation Models: Desirability Index

This screen shows desirability index for all exhibitors, all attendees 
and sub-groups based on age, frequency of visitation to tradeshows, 
technology readiness of respondents, and their career levels

As results, the tool will return two screens that show relative utilities based on your input, a desirability index and relative market share. Below is a 
sample of the desirability index screen, based on the study data. 

Using Simulation Models: Relative Market Share

This screen shows relative market share for all exhibitors, all attendees 
and sub-groups based on age, frequency of visitation to tradeshows, 
technology readiness of respondents, and their career levels

Exhibit 10

Sample desirability index

Below is a sample relative market share for each tradeshow under consideration.

Exhibit 11

Sample relative market share values
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Discrete Choice Modeling: Background
The vast proliferation of goods and services, increased emphasis on mass 
customization and customer experience, and the variety of new 
technologies require that firms carefully evaluate the factors influencing 
customer choice for their service offerings. For example, in The Paradox 
of Choice, Barry Schwartz suggests that both mundane and involved 
decisions such as ordering a cup of coffee, choosing a health-care 
provider, or setting up a retirement plan are becoming increasingly 
complex because of the abundance of choices available to the 
consumers in the marketplace.4 Having too many options seems to 
paralyze the decision process. This dramatic explosion and complexity in 
options has ironically become a problem for both customers and firms 
because of the challenge of determining which features are driving sales. 
The underlying problem in predicting customer choice resides much 
more in the fact that purchasing decisions are generally made by 
considering many different criteria simultaneously, including brand, 
quality, performance, price, features, and distribution channel.5 This 
complexity is further confounded in service applications where customers 
may consider non-tangible features and characteristics of the market 
offerings (e.g., service quality, safety, and trust; interactions between 
service providers and customers). For example, customers might choose 

4 Barry Schwarz, The Paradox of Choice: Why More Is Less (New York: HarperCollins, 
2005).
5 Daniel L. McFadden, “The Choice Theory Approach to Market Research,” Marketing 
Science, Vol. 5, No. 4 (1986), pp. 275-297.

fast-food establishments based on their cost, service quality, food quality, 
food variety, or speed of delivery (or ignore any of those criteria). 
Similarly, customers might choose a hotel based on its location, brand 
name, facilities, service quality, price, or loyalty program. But each 
customer would assign different weights to the utility of each of those 
attributes.

The discrete choice modeling framework pioneered by Daniel McFadden 
(winner of the 2000 Nobel Prize in economics) focuses on both the 
economic reasons for individual choices and the ways in which 
researchers can measure and predict these choices. McFadden’s work 
and the corresponding experimental approach developed by Louviere, 
his co-researchers, and colleagues in marketing, economics, 
management science, and other disciplines has led to many diverse 
applications, such as design and development of new products and 
services, transportation planning, evaluation of alternative pricing 
strategies, and financial services design.6 The appendix includes a list of 
hospitality-related discrete choice papers and managerial reports in the 
Cornell Hospitality Quarterly and in Cornell Hospitality Reports, published 
by the Center for Hospitality Research. 

The discrete choice modeling approach requires that a representative 
sample of customers make choices in simulated situations derived from 

6 For example, see: Jordan J. Louviere, David A. Hensher, and Joffre D. Swait, Stated 
Choice Methods: Analysis and Applications (Cambridge: Cambridge University Press, 
2001); and Rohit Verma, Zafar Iqbal, and Gerhard Plaschka, “Understanding Choices 
in E-Financial Services,“ California Management Review, Vol. 46, No. 4 (2004), pp. 
43-67.

Exhibit 12

Sample discrete choice screen shot
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realistic variations of actual service offerings. The execution of a discrete 
choice modeling project typically comprises three broad steps.7 First, 
using qualitative market assessment, customer interviews, case studies, 
industry data, focus groups, and other information sources, a list of 
drivers that are believed to influence customers’ buying decisions is 
compiled. Great care must be taken to ensure that all (or at least as 
many as possible) of the determinant drivers are identified and expressed 
in terms understood by customers. 

Once the list of choice drivers is finalized, sophisticated experimental 
design techniques are used to develop many realistic versions of service 
offerings.8 Next, choice experiments are constructed which ask 
respondents to select one out of two or more service packages available 
to them in a series of choice sets. In the final phase, econometric models 
based on responses from a representative sample of customers (or 
potential future customers) are used to identify empirical key patterns in 
the survey responses, providing a relative weighting for each market 
driver and for interactions among drivers. Managers can then select the 
optimal combination of operations and market drivers to develop a 
profitable and sustainable value proposition that, under normal 

7 For example, see: Rohit Verma, Gary M. Thompson, and Jordan J. Louviere, 
“Configureing Service Operations in Accordance with Customer Needs and 
Preferences,” Journal of Service Research, Vol. 1, No. 3 (1999), pp. 262-274.
8 For additional details about choice experiment design options, see: Rohit Verma and 
Gary Thompson, “Basing Service Management on Customer Determinants: The 
Importance of Hot Pizza,” Cornell Hotel and Restaurant Administration Quarterly, Vol. 
37, No. 3 (August 1996), pp. 18-23;  or Rohit Verma, Gerhard Plaschka, and Jordan J. 
Louviere, Understanding Customer Choices: A Key to Successful Management of 
Hospitality Services, Cornell Hotel and Restaurant Administration Quarterly, Vol. 43, 
No. 6 (December 2002), pp. 15-24. 

competitive constraints, will make best use of their available resources. 
After developing suitable econometric models, the results can be easily 
implemented in a decision support program which can be used to 
perform various managerial “what if” analyses.  

Our implementation of discrete choice analysis included developing eight 
experimental screens for each respondent. Each screen presented two 
scenarios of tradeshows based on the eight different experimental 
variables that we tested. Similar to the best-worst exercise, the discrete 
choice experiment was designed such that each respondent was given 
her or his own set of scenarios to evaluate. On each experimental screen, 
respondents were asked to choose the tradeshow scenario they would 
like to attend based on the attributes listed. If the respondent did not 
like either of the two options presented on the screen, they could so 
indicate. A sample screenshot from this study is presented in Exhibit 12. 

The next section of the survey included an attitudinal scale known as the 
abbreviated Technology Readiness Index (TRI). This scale measures 
attitudes towards new technology based of four constructs—optimism, 
innovativeness, discomfort, and insecurity. Based on a person’s responses 
to ten questions, we can calculate a “TRI Index” for each respondent. 
This index can be helpful in segmenting respondents into two sub-
groups, one that favors technology and tht other that dislikes tech, for 
analyses to identify causes for any observed similarities or differences. 
The TRI scale is shown in Exhibit 13. 

The final section of the survey asked about respondents’ demographics, 
that is, age, income, gender, education, family status, ethnicity, and 
some information about the organizations they work for. 

Exhibit 13

items from the technical readiness scale
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Appendix 
Articles based on Customer Choice Modeling published in Cornell 
Hospitality Quarterly and Cornell Hospitality Report 

Verma and Thompson (1995), “Basing Service Management on 
Customer Determinants: The Importance of Hot Pizza,” Cornell Hotel 
and Restaurant Administration Quarterly, Vol.  37, pp. 18-23.

This article explains the basics of discrete choice analysis through a study 
of how customers chose a pizza-delivery company by trading off among 
several attributes (price, discount, promised delivery time, late-delivery 
time, variety, temperature, and money-back guarantee). The article 
further describes how the results of such a discrete-choice analysis can 
be incorporated into a decision-support system via a computer 
spreadsheet. 

Verma, Pullman, and Goodale (1999), “Designing and Positioning Food 
Services for Multicultural Markets” Cornell Hotel and Restaurant 
Administration Quarterly, Vol. 40, pp. 76-87. 

A discrete choice analysis based study compares the food-service 
preferences of individuals from three different language groups (English, 
Japanese, and Spanish). All three groups of respondents were relatively 
price insensitive for the four different types of restaurants studied and 
often were willing to wait either to order or to be served, depending on 
the food-service concept (e.g., waiting for pizza made sense to them, 
but waiting for burgers did not). Many respondents liked the idea of 
pictures of the food on menus to help identify unfamiliar items, but 
virtually no one wanted menus translated into their native language. 
Based on the study, one food-service outlet adopted a new marketing 
strategy that not only increased its market share but attracted more 
patrons to the food court. 

Verma, Plaschka, and Louviere (2002), “Understanding Customer 
Choices: A Key to Successful Management of Hospitality Services”, 
Cornell Hotel and Restaurant Administration Quarterly, Vol. 43, pp. 15-
24. 

This article describes in considerable detail how many different 
managerial decisions can be derived more effectively by using customer 
choice modeling techniques. The article describes how the results can be 
used to identify the preferences of customers in different market 
segments; calculate market share; identify order-winners and qualities; 
calculate brand equity; calculate switching barrier; and develop 
implementation guidelines. 

Goodale, Verma, and Pullman (2003), “A Market-utility Approach to 
Scheduling Employees”, Cornell Hotel and Restaurant Administration 
Quarterly, Vol. 44, pp. 61-69. 

This article describes how the results of a carefully planned choice 
experiment can be used to develop effective labor schedules. The paper 
first discusses the components that make up this approach, which 

includes methods from customer-preferences modeling, service-capacity 
planning, and the four tasks of labor scheduling. Next, it is shown how 
the model applies to balancing queue lengths and operating costs for an 
airport food-court vendor.

Verma and Plaschka (2003), “Customer-choice Modeling: Reflections, 
Advances, and Managerial Implications” Cornell Hotel and Restaurant 
Administration Quarterly, Vol. 44, pp. 156-165. 

This essay attempts to highlight some of the valuable managerial and 
methodological insights on customer-choice modeling observed over the 
course of the previous ten years. To make this essay useful to both 
managers and academic researchers, it discusses thoughts on customer 
choice modeling in the context of methodological advances and 
managerial applications in service-driven markets. Choice modeling can 
yield valuable insights for market-driven strategy development by 
revealing customer clusters, suggesting the potential effects of changing 
the levels of value drivers, assessing overall brand equity, and identifying 
customers’ switching barriers. 

Verma (2007), “Unlocking the Secrets of Customers’ Choices”, Cornell 
Hospitality Report, Vol. 7, No. 2

This report describes how customer willingness to pay and desirability 
can be calculated from the results of a customer choice modeling study. 
The report includes a spreadsheet template that allows readers to 
manipulate customer choice modeling data and calculate willingness to 
pay and desirability for a hotel and restaurant context. 

Dixon, Kimes, and Verma (2009) “Customer Preferences for Restaurant 
Technology Innovations” Cornell Hospitality Report, Vol. 9, No. 7.

This report pre=dsents the results of a national survey on customers’ 
perceptions of eleven restaurant technologies, as well as whether 
respondents use those technologies and the value they see in them. 
Using a research technique called best-worst choice analysis, the study 
found that the technologies used most commonly were pagers and 
online reservations, while cell-phone payment was used hardly at all. The 
results show that the perceived value of a specific technology increases 
after the customers have had the opportunity to use it, and different 
demographic segments valued the technologies differently. 

Taylor and Verma (2010), Customer Preferences for Restaurant Brands, 
Cuisine, and Food Court Configurations in Shopping Centers, Cornell 
Hospitality Report, Vol. 10, No. 3. 

An analysis of the mall restaurant preferences of a national sample of 
1,737 U.S. residents sheds light on how to configure mall food service 
and demonstrates how local malls can determine what their particular 
market desires. Using customer choice analysis, this study asked 
respondents to choose among six mall food-service configurations, 
including one that had a large food court and one that had no food 
court at all. The most popular configuration combined a moderate-size 
food court with several casual and fast-casual restaurants. Least popular 
was the choice that had only table-service restaurants and no food court. 



18 The Center for Hospitality Research • Cornell University

Cornell Center for Hospitality Research

Publication Index
chr.cornell.edu

2015 Tools
Vol. 6  No. 1  How to Feel Confident for 
a Presentation...and Overcome Speech 
Anxiety, by Amy Newman

2014 Reports
Vol. 14  No. 24  What Message Does Your 
Conduct Send? Building Integrity to Boost 
Your Leadership Effectiveness, by Tony 
Simons, Ph.D.

Vol. 14  No. 23  More than Just a Game: 
The Effect of Core and Supplementary 
Services on Customer Loyalty, by Matthew 
C. Walsman, Michael Dixon, Ph.D., Rob 
Rush, and Rohit Verma, Ph.D.

Vol. 14  No. 22  Managing Context 
to Improve Cruise Line Service 
Relationships, by Judi Brownell, Ph.D.

Vol. 14  No. 21  Relative Risk Premium: A 
New “Canary” for Hotel Mortgage Market 
Distress, by Jan A. deRoos, Ph.D., Crocker 
H. Liu, Ph.D., and Andrey D. Ukhov, 
Ph.D.

Vol. 14  No. 20  Cyborg Service: The 
Unexpected Effect of Technology in the 
Employee-Guest Exchange, by Michael 
Giebelhausen, Ph.D. 

Vol. 14  No. 19  Ready and Willing: 
Restaurant Customers’ View of Payment 
Technology, by Sheryl E. Kimes, Ph.D., 
and Joel Collier, Ph.D.

Vol. 14  No. 18  Using Eye Tracking to 
Obtain a Deeper Understanding of What 
Drives Hotel Choice, by Breffni A. Noone, 
Ph.D., and Stephani K. Robson, Ph.D.

Vol. 14  No. 17  Show Me What You See, 
Tell Me What You Think: Using Eye 
Tracking for Hospitality Research, by 
Stephani K. Robson, Ph.D., and Breffni A. 
Noone, Ph.D.

Vol. 14  No. 16  Calculating Damage 
Awards in Hotel Management Agreement 
Terminations, by Jan A. deRoos, Ph.D., and 
Scott D. Berman

Vol. 14  No. 15  The Impact of LEED 
Certification on Hotel Performance, by 
Matthew C. Walsman, Rohit Verma, Ph.D., 
and Suresh Muthulingam, Ph.D.

Vol. 14  No. 14  Strategies for Successfully 
Managing Brand–Hotel Relationships, by 
Chekitan S. Dev, Ph.D.

Vol. 14 No. 13  The Future of Tradeshows: 
Evolving Trends, Preferences, and 
Priorities, by HyunJeong “Spring” Han, 
Ph.D., and Rohit Verma, Ph.D.

Vol. 14  No. 12  Customer-facing Payment 
Technology in the U.S. Restaurant 
Industry, by Sheryl E. Kimes, Ph.D.

Vol. 14  No. 11  Hotel Sustainability 
Benchmarking, by Howard G. Chong, 
Ph.D., and Eric E. Ricaurte

Vol. 14  No. 10  Root Causes of Hotel 
Opening Delays in Greater China, by
Gert Noordzy and Richard Whitfield, 
Ph.D.

Vol. 14  No. 9  Arbitration: A Positive 
Employment Tool and Potential Antidote 
to Class Actions, Gregg Gilman, J.D., and 
Dave Sherwyn, J.D.

Vol. 14  No. 8  Environmental 
Management Certification (ISO 14001): 
Effects on Hotel Guest Reviews, by María-
del-Val Segarra-Oña, Ph.D., Angel Peiró-
Signes, Ph.D., Rohit Verma, Ph.D., José 
Mondéjar-Jiménez, Ph.D., and Manuel 
Vargas-Vargas, Ph.D.

Vol. 14  No. 7  Exploring the Relationship 
between Eco-certifications and Resource 
Efficiency in U.S. Hotels, by Jie J. Zhang, 
D.B.A., Nitin Joglekar, Ph.D., Rohit Verma, 
Ph.D., and Janelle Heineke, Ph.D.

Vol. 14  No. 6  Consumer Thinking in 
Decision-Making: Applying a Cognitive 
Framework to Trip Planning, by Kimberly 
M. Williams, Ph.D.

Vol. 14  No. 5  Developing High-level 
Leaders in Hospitality: Advice for 
Retaining Female Talent, by Kate Walsh, 
Susan S. Fleming, and Cathy C. Enz

Vol. 14  No. 4  Female Executives in 
Hospitality: Reflections on Career 
Journeys and Reaching the Top, by Kate 
Walsh, Susan S. Fleming, and Cathy C. 
Enz

Vol. 14  No. 3  Compendium 2014

Vol. 14  No. 2  Using Economic Value 
Added (EVA) as a Barometer of Hotel 
Investment Performance, by Matthew J. 
Clayton, Ph.D., and Crocker H. Liu, Ph.D.

Vol. 14  No. 1  Assessing the Benefits of 
Reward Programs: A Recommended 
Approach and Case Study from the 
Lodging Industry, by Clay M. Voorhees, 
PhD., Michael McCall, Ph.D., and Bill 
Carroll, Ph.D.



Cornell Hospitality Tools • January 2015 • www.chr.cornell.edu   19

2014 Proceedings
Vol. 6  No. 1  Insights on Hospitality, 
Retailing, and Commercial Real 
Estate: 2014 Cornell Retail Real Estate 
Roundtable Proceedings, by Benjamin 
Lawrence, Ph.D., and Peng Liu, Ph.D.

2013 Reports
Vol. 13  No. 11  Can You Hear Me 
Now?: Earnings Surprises and Investor 
Distraction in the Hospitality Industry, by 
Pamela C. Moulton, Ph.D.

Vol. 13  No. 10  Hotel Sustainability: 
Financial Analysis Shines a Cautious 
Green Light, by Howard G. Chong, Ph.D., 
and Rohit Verma, Ph.D. 

Vol. 13  No. 9  Hotel Daily Deals: Insights 
from Asian Consumers, by Sheryl E. 
Kimes, Ph.D., and Chekitan S. Dev, Ph.D.

Vol. 13  No. 8  Tips Predict Restaurant 
Sales, by Michael Lynn, Ph.D., and Andrey 
Ukhov, Ph.D.

Vol. 13  No. 7  Social Media Use in 
the Restaurant Industry: A Work in 
Progress, by Abigail Needles and Gary M. 
Thompson, Ph.D.

Vol. 13  No. 6  Common Global and Local 
Drivers of RevPAR in Asian Cities, by 
Crocker H. Liu, Ph.D., Pamela C. Moulton, 
Ph.D., and Daniel C. Quan, Ph.D.

Vol. 13.  No. 5  Network Exploitation 
Capability: Model Validation, by Gabriele 
Piccoli, Ph.D., William J. Carroll, Ph.D., 
and Paolo Torchio

Vol. 13  No. 4  Attitudes of Chinese 
Outbound Travelers: The Hotel Industry 
Welcomes a Growing Market, by Peng 
Liu, Ph.D., Qingqing Lin, Lingqiang Zhou, 
Ph.D., and Raj Chandnani

Vol. 13  No. 3  The Target Market 
Misapprehension: Lessons from 
Restaurant Duplication of Purchase Data, 
Michael Lynn, Ph.D.

Vol. 13   No. 2   Compendium 2013

Vol. 13  No. 1   2012 Annual Report

2013 Hospitality Tools
Vol. 4  No. 2  Does Your Website Meet 
Potential Customers’ Needs? How to 
Conduct Usability Tests to Discover the 
Answer, by Daphne A. Jameson, Ph.D.

Vol. 4  No. 1  The Options Matrix Tool 
(OMT): A Strategic Decision-making 
Tool to Evaluate Decision Alternatives, 
by Cathy A. Enz, Ph.D., and Gary M. 
Thompson, Ph.D.

2013 Industry Perspectives
Vol. 3  No. 2  Lost in Translation: Cross-
country Differences in Hotel Guest 
Satisfaction, by Gina Pingitore, Ph.D., 
Weihua Huang, Ph.D., and Stuart Greif, 
M.B.A.

Vol. 3  No. 1  Using Research to Determine 
the ROI of Product Enhancements: A 
Best Western Case Study, by Rick Garlick, 
Ph.D., and Joyce Schlentner

2013 Proceedings
Vol. 5  No. 6  Challenges in Contemporary 
Hospitality Branding, by Chekitan S. Dev

Vol. 5  No. 5  Emerging Trends in 
Restaurant Ownership and Management, 
by Benjamin Lawrence, Ph.D.

Vol. 5  No. 4  2012 Cornell Hospitality 
Research Summit: Toward Sustainable 
Hotel and Restaurant Operations, by 
Glenn Withiam

Vol. 5  No. 3  2012 Cornell Hospitality 
Research Summit: Hotel and Restaurant 
Strategy, Key Elements for Success, by 
Glenn Withiam

Vol. 5  No. 2  2012 Cornell Hospitality 
Research Summit: Building Service 
Excellence for Customer Satisfaction, by 
Glenn Withiam

Vol. 5  No. 1  2012 Cornell Hospitality 
Research Summit: Critical Issues for 
Industry and Educators, by Glenn 
Withiam

2012 Reports
Vol. 12  No. 16  Restaurant Daily Deals: 
The Operator Experience, by Joyce 
Wu, Sheryl E. Kimes, Ph.D., and Utpal 
Dholakia, Ph.D.

Vol. 12  No. 15  The Impact of Social 
Media on Lodging Performance, by Chris 
K. Anderson, Ph.D.

Vol. 12  No. 14   HR Branding How 
Human Resources Can Learn from 
Product and Service Branding to Improve 
Attraction, Selection, and Retention, by 
Derrick Kim and Michael Sturman, Ph.D.

Vol. 12  No. 13 Service Scripting and 
Authenticity: Insights for the Hospitality 
Industry, by Liana Victorino, Ph.D., 
Alexander Bolinger, Ph.D., and Rohit 
Verma, Ph.D.

Vol. 12  No. 12  Determining Materiality in 
Hotel Carbon Footprinting: What Counts 
and What Does Not, by Eric Ricaurte

Vol. 12  No. 11  Earnings Announcements 
in the Hospitality Industry: Do You Hear 
What I Say?, Pamela Moulton, Ph.D., and 
Di Wu

Vol. 12  No. 10  Optimizing Hotel Pricing: 
A New Approach to Hotel Reservations, 
by Peng Liu, Ph.D.



Cornell University
School of Hotel Administration

The Center for Hospitality Research
537 Statler Hall

Ithaca, NY 14853

607.255.9780
shachr@cornell.edu

www.chr.cornell.edu


